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Scaling Kernel Function Support Vector Machines
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Abgract: A kind of admisible support vector kernel cdled scaling kernd's are presented in this paper. Infact ,scaling kerndls
are the muiti-dmendond scaling function with trandation vectors and they are a st of conplete bases in the sub- pace of the square
and integrable goace. Hence ,the god of scading kernel function support vector machinesisto find the optimd scaling codficientsin a
scding ace. Intermsd theory ,scding kernel function S/Ms can gpproximete any objective function in ome gace by any precison.
The resuits obtained by our smulations show the feadhility and vaidity of scaing kernels.
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