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Abstract :  In thispaper the Tft-conpetition learning agorithms (SCLA) of RBF neura networks are desgned. The main ideas
o the dgorithms are :firdly ,membership functions are introduced into the training procedure of the center vectorsof the Gausdan bass
functions,and for each input sanple ,dl center vectors are sif-adaptively adjuged acoording to the vaues of the membership func-
tions ,in what degree the sanple belongs to the classes thet the center vectors represent ; secondy ,the reciproca of the fuzzy factor of
membership function are conddered as the tenperature of the Smulated annedling agorithm ,and increasngy adjugting method i s used
to the fuzzy factor during the learning procedure. SOLA are sift-conmpetition schemes of the learning dgorithms,in which the center
vectors are trained based on the k-means dgorithm ,and can remedy the problems d the dead- node and the sengtivity to initid weight
vectors that the latter dgprithms have. The smulation results show that SOLA are dficient.
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