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An Algorithm for Privacy-preserving Boolean Association Rule Mining
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Abdgtract:  In digributed sygems,some traditional asociaion rues mining agorithms have been developed with dl orignd data
being gathered into a centraized ste. However these dgorithms are rot fit for the Stuation where no user iswilling to disclose hisin-
formetion. In the privacy preserving asociaion rue mining problems there are severd participants engaged in the computation and the
agorithms are run on the union of their databases. Currently ,the secure union agorithm can be used to protect each user’ s privacy if
dl the user’ s databases have the same gructure. However ,in secure union agorithm ,each participant sould encrypt dl the partici-
pants daa. D ,if there are many participants engaged in the cooperative conputation ,this method is indficient. Thus,in this pgper ,
we introduce a data di sgui sed method for privacy preserving asociation rule mining based on the randomized reponse techniques ,pre-
sent the mining agorithm on the digguised item st and andyze the conplexity of this dgorithm. The experiments show that the rue
that this dgorithm gets hasfewer releive error which islessthan 2 % conpared with the orignd rues. We a0 gve some vduesd the
parameters which make the relaive error isthe lowed.
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