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Multisensor Optimal Information Fusion White Noise Deconvolution Filter

DENG Zt1i, WANG Xin, LI Yun
(Department o Awtanation, Helongiang University, Heilongiang, Harbin 150080, China)

Abstract:  Based on the Kalman filtering method and white noise estimation theory, under linear minimum variance information
fusion criterion weighted by matrices, amultisensor information fusion whie noise deconvolution filter is presented for systems with cor
related noses.The formula of computing covariances among filtering emors of sensors is presented, which can be applied to compute
the optimal fused weighting matrices. Compared to the single sensor case, the accuracy of fused filtering is improved. It can reduce the
orr line computational burden, and & suitable for real time applications. It can be applied to signal processing in oil seismic explo-
ration. A simulation example for 3— sensor information fusion Bemoulli Gaussian white noise deconvolution fiker shows is effective
ness.
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