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A New FeatureW eighted Fuzzy Cluster ng Algor ithm

L I Jie, GAO Xin-bo, JAO L i-cheng
(School of Electronic Engineering, Xidian U niversity, Xi'an, Shaanxi 710071, China)

Absdtract:  In the field of cluster analysis the fuzzy k-means, k-modes and k-prootypes algoritmswere de-
signed for numerical, categorical and mixed data sets repectively However, all the above algoritim s assume that each
feature of the samplesplays a unifom contribution for cluster analysis To consider the particular contributions of dif-
ferent features a novel feature weighted fuzzy clustering algoritm isproposed in thispgper, in which the ReliefF al-
goritm isused o assign theweights for every feature By weighting the featuresof samples, the above three clustering
algorithm's can be unified, and better classification results can be al® achieved The experimental resultswith various
real data sets illustrate the effectiveness of the proposed algorittm
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