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Automatic Domain- Specific Term Extraction and Its Application
in Text Clasdfication

LIU Teo LIU Bing-quan ,XU Zhi-ming ,WANG Xiao-long
(Schod o Computer Sdience and Techndlogy , Harbin Ingtitute d Techndlogy , Harbin, Hellongjiang 150001, China)

Abdract: A statistical method based on information entropy is proposed for domain-specific term extraction from domain
comparative corpora. It takes into account the distribution of a candidate word among domains and within a certain domain. Normal-
ization step is added into the extraction process to cope with unbaanced corpora. The propased method characterizes attributes of do-
mai n-specific term more precisely and more effectively than previous term extraction approaches. Domain-specific terms are applied
in text classification as the feature space. Experimentd results indicate that it achieves better perf ormance than traditional feature se-

lection methods.
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