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A Multi-Objective Particle Swarm Optimization Algorithm
for Solving Negotiation Deadock

PENG Zhi-ping ,CHEN Ke
( Department o Computer Science and Technology , Maoming College, Maoming , Guangdong 525000, China)

Abgtract: It is one of the important study tasks for negotiation optimization to solve negotiation dead ocks. In order to get rid
o such dead ocks in the time-limited bilateral and multi-issue autonomous negotiation ,a multi- objective particle swarm optimization
agorithm,called MOPSO ,is put forward in this pgper. MOPSO makes full use of the relationship among issues and first relaxes the
reserved value of the issue dynamically which triggers the negotiation dead ock. Then the a gorithm translates the problem of tighten-
ing the reserved values o the issues relevant to the dead ock issue into a multi- objective optimization one and turns up a Pareto-opti-
mal set by a particle swarm. In this way ,these reserved values are optimized in paralel and the agorithm lastly replaces the old re-
served vector of the negatiation issues with a new one equivaently ,which keeps the level of the integrated utility of the negotiant.
The obtained results of experiments on E-commerce support the clam that MOPSO is vdid and it is preferable to the existing
method in solving the problem o the negotiation dead ocks.
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