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Moment Gait Energy Image Based Human Recognition at a Distance

MA Qin-yong', WANG Shen-kang' ; NIE Dong-dong’; QIU Jian-feng'
(1. Department of Computer Science and Engineering , Zhejiang University , Hangzhou , Zhejiang 310027, China ;
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Abstract: A moment gait energy image (MGEI) based gait recognition algorithm is presented. Gait period is estimated from
swing distances, and key moments of a gait cycle are specified. The mean of all the silhouette images at a key moment is called the
mean moment image . The MGEI at each key moment is calculated from all the mean moment images in gait period. It improves sil-
houette’ s quality by gait probability distribution at each key moment,and provides more motion features than the basic gait energy
image (GEI) . Then a method of gait feature extraction is proposed based on MGEI. The deviations of silhouette images from MGEI
at every key moment are cumulated into an image, which is utilized together with GEI to represent a subject. The nearest neighbor
classifier is adopted to recognize subjects. The proposed algorithm is evaluated on USF dataset, and the performance is compared
with the baseline algorithm and two other new algorithms. Experimental result shows that this algorithm achieves higher overall
recognition rate than the other algorithms.
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