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Heart Rate Prediction Algorithm Based on Inverse Gaussian Model

LIU Jie, XIAO Hong, WANG Bo, ZHANG Zhao chao
(School f Computer and Itformation Tedinology , Bejing Jiaotong University , Bejing 100044, China)

Abstract: Heartbeat time series can be described as inverse Gaussian model. The model s time varying parameter can be
estimated by adaptive point process and then heait rate can be predicted. Based on current one step parameter prediction, the pre-
diction of model s parameter mean value by incorporating weighted observation temm is proposed to improve the predictive accuracy
of model s time varying parameter. Futthermore, the point process adaptive filtering is simplified by using linear process so as to
acquire real time prediction. The simulations demongrate that our algorithm is effective in improving the efficiency of heartheat pre-
diction.
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