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A Stepwise Diversity Metric for MOEA

LI Mt ging, ZHENG Jirr hua, XIE Jiong liang, YANG Ping, LI Jing
(Institute f Itformation Engineering, Xiangtan University , Xiangtan, Hunan 411105, China)
Abstract: A measurement for sepw ise diversity evaluation of solutions mn multr objective evolutionary algorithm was pro-
posed. In this method, a coordinate based on angle was defined, which can avoid the influence caused by different extent of conver
gence in diversity evaluation. Furthermore, considering the symmetry of uniformly distributed solutions, the whole objective gpace

was divided and subdivided into different symmetric regions for evaluation. Experiments show that the method can evaluate diversity
of solutions accurately.
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