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Weighted Laplacian Clustering Algorithm

HUANG Peng-fei ,ZHANG Dao-giang

( Department o Computer Science and Engineering , Nanjing University d Aeronautics and Astronautics. Nanjing , Jiangsu 210016, China)

Abdract: In this paper ,we propose a novel weighted clustering algorithm based on L gplacian weight ,which can automati-
cally trandform the structure information between clustering objects into weights of objects. Because L aplacian weight can indicate
the neighborhood structure of origina data set , better clustering is achieved. Performed on conventional C-means or fuzzy C-means
methods ,the propased L aplacian weighting scheme can effectively improve the clustering performance. In addition,the new ago-
rithm achieves some extra advantages such as robustness to outliers ,suitability for class-imbalance data clustering and insensitivity to
number o clusters,etc. Experimenta results on artificia datasets and UCI machine learning repository validate the efectiveness of

the propaosed agorithm.
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