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Research on the Kind of Dynamic Fuzzy Machine Learning Algorithm

XIE Lin, LI Farr zhang
( College o Computer Saence and Technol gy, Soochow University , Suzhou, Jiangsu 215006, China )

Abstract:  The machine learning is an important technology of the data analysis. But facing data dynamic fuzziness ques
tions, many learning algorithms faced with stem challenge. This paper mainly aims at the character of dynamic fuzzy of data, gives
the kind of dynamic fuzzy machine leaming model, the locally linear embedding algorithm and the improved locally linear embed
ding algorithm. It analyses the algorithms sability, and confirms their effective through the examples.
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