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A Self-Adaptive Discrete Particle Swarm Optimization Algorithm

ZHANG Chang- sheng IMI ,OUYAN G Dan-tong
( Key Laboratory o Symbol Computation and Knownledge Enginesring d the Ministry o Education, Changchun, Jilin 130012, China)

Abdract: A self-adaptive discrete particle swarm agorithm is proposed. In order to overcome the premature convergence of
the algorithm ,a repulsive process is introduced to increase the swarm diversity and a metric to measure the swarm diversity is aso
designed. The attractive and repulsive processes can adaptively change during running. To speed up convergence,a strategy used to
contral the inertia weight is advanced which changes dynamically with the iterations during different running phrase of the ago-
rithm. Moreover ,a gorithm perf ormance can be enhanced further if local search strategies are combined. Fnaly ,the proposed ago-
rithm is used to solve the TSP and FSSP problems and compared with other related a gorithms. The experiment results showed its su-
periority.
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