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Abstract: Reducing the dimensionality of data without losing intrinsic information is a hotspot in machine learning and data
mining . In this paper we propose a new dimensionality reduction algorithms call IKLDA (improved kernel Linear discriminant analy-
sis) on the ground of graph embedding framework . Our method not only can detect the information hidden in digital images but also
reduce the dimensionality . Theoretical analysis and experiments show that our new IKILDA algorithm is effective in steganalysis and
is more precise than the other traditional dimensional reduction methods. Furthermore, our method promotes development of visual-

ization in the application in steganalysis.
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SR A 1813 #8256 x 256 I KK jpg IR AR,
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StA A EFHAFNER HL VI DLGEZRAMREN =
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EH1.EV1~ED1, EH2,EV2.ED2, EH3,EV3,ED3. 5[4
it 810 20 : mean, var. kur, ske. T LA A, 1: meanV, 2:
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9. kurD. 10: skeV. 11: skeH. 12: skeD. 13: meanEV, 14:
meanEH. 15: meanED, 16: varEV,17: varEH, 18 : varED. 19:
kurEV. 20: kurEH. 21: kurED, 22: skeEV . 23: skeEH, 24:
skeED ,#R /5 25 B[ 48 AE _B/MNEAREBMSITR,
49 3| 2 R/ E = RBNESREBROG IR, HEFR
F%E—2.78 BE X1 5 3: YRR ERME =gt
;45 6 ATMRZEEBRKWA=ZHAEITE;7 B 92 4%
HNEEBEBHETHZE haar /NEIHRSTHE =B
it &, HE 5 )0 F H: meanlll . varlLl. kurlLl,
meanHL1, varHL1. kurHLl, meanLH1. varLH1. kurLHI,
meanHH1 . varHH1 . kurHH1, meanll2. varll2. kurll2,
meanHI2, varHI2., kurHI2, meanlH2. varlH2. kuwlH2,
meanHH2 ., varHH2, kurHH2, meanll3. varll3. kurll3,
meanHI3, varHL3. kurHL3, meanlH3. varlH3. kurlH3,
meanHH3 , varHH3 . kurHH3; 43 F] 78 4 0 F i iR Z B &
HATHI =2 haar DESBREREFHFHIN=ZMAITE,
HEF BRI 7 3 42 4. B 1 2 1813 7508 R iR R
FHE &, 5 1814 B 3626 178 AR B BRFE 1
B, FHAmS3 A « 1 7 - 1 FRR k.

3.1 ¥EAEEHAMEITER
it — A 4 15 B e i, 78 32 B B P o 2k BOKE
1 BB 45 /0 4 o — /1R X B A0 6 A . 16 BUASAE
WO R R U RE RS TR, B S BORRER
W BT B BT K 2, B 2 6 1 TT A4 M AR
Hedik , TR A PER I . — Bl 1 P E S B R 23 th
WIEEENENEL SR E . RATE AR 4
iJr&“”ﬂeerﬁ%%mmwm-
Y et o= {“f"’"

1= i+l O’if“ x; =

X " =T
C( T) = ( xJ” S

(21)
BATA COr)RAMH BRI NERELR d:

log c(r)
d =lim log r (22)

ERFTBE—-BARGRE, ThRP—BEHFMT
AR
log(c(rz) —c(r))

log(r, = ry)

HEiE R (23) AL X BE R E B BN EMS TS
HERBUE K 2.91741.
3.2 ERESHHLHETREER

FATE S TR AR AT LDA B8 W] 15 B A X Rl
HORFAE(H , X SRR M AT AR X FRIEE NEEH
WA R R B AEEE SR d MEEERE— B,
A=Az = AL EIARBBEEK, d 7T B BRE
BENAEER. BABTEE—-REBEE/N, BN
AR FLEBARER R ITRRS . B EeirRR g
BOABIRERFIEE NE 1 RITUER M DAY
fR13) 30 ZEHFAE BB, A A I 3 4 B 0 I B SR AE 1B
ALK, R TR N AR E LB E . &
GRS BT B R A 4 2.91741, RATIESK
BEMATERERHE R 3% BT, ERE S+
EATLAE T AL B AR . SR IKLDA BE: 5 /R
¥ f KLDA B 3 253 BB R B it )5 BB WIS EE A
REEMERX A KR, MEH 5445 IDA K
BRSNS B AR R AR B A X 5.
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B BTRIEBRXR B2~ 5 RIIL A 418
RHE = BT B A SCR AR AMEIE R 4
FRAEm B T 3 4, I UL 45 3, T
HEEBRHNREX2BR .
3.4 AXFERNNRABSHBERE THREH
HRERHHES LR

FATACFEmE B SVMUE R 4328 48 0 i RR1E
BRETHRERILREG SRR, LRENHE
Sy%. SVM“O (i il RBF B e ¥, B¥ Gamma WEH
0.3, 3% error penalization %87 0.5.7E 3626 MEALE
A, A 3000 MEASRYIZ A K48, R T 626 MEA
e RREE . HATE BB RWIKXE R 6. A
SVMU 4 KRB R E I IKIDA B8 0 R &%
N, SR RBURBSF s LUK R Diffusion Map, 557> BALEAK;
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