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Abstract:

vestigates how to fuse speech and visual speech features. From research on articulatory mechanism, the apparently observed audio-vi-

Speech perception of human is bimodal because of the simultaneous audible and visible influence. This paper in-

sual asynchrony is represented by asynchronous articulatory feature streams. An audio-visual model composed of speech and lip-
moving is proposed based on Dynamic Bayesian Network, and then the multi-level fusion is implemented to improve the robustness

of speaker recognition system. The experiment for audio-visual bimodal corpus shows that the multi-level fusion can improve the

performance at all levels of acoustic signal-to-noise ratio (SNR) from 0 to 30dB.
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CHMM 100 90 78 60
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Multi-level fusion 100 93 82 79
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