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Abstract:
ter (PHD) . Quasi-Monte Carlo is used to implement the PHD filter. In the simulation, we can find that the proposed algorithm is

In this paper, we propose two algorithms. The first one is the quasi-Monte Carlo probability hypothesis density fil-

more accurate than the sequential Monte Carlo PHD filter in the estimation of target state and the number of targets. The second al-
gorithm is convolution kernel quasi-Monte Carlo PHD (CKQMC-PHD) filter. The convolution kernel algorithm is used in the QMC-
PHD filter. When the observation noise becomes small, CKQMC-PHD filter is very efficient to estimate the state and the number of
targets, the behave of the CKQMC-PHD filter is better than that of QMC-PHD filter. The simulation results prove the effect of the
CKQMC-PHD filter.
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