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Abstract:

The fundamentals and properties of noi2 negative matrix factorization (NMF) are introduced, and available NMF

algarithms are classified into two categaries: basic NMF modeRbased al garithms and improved NMF modeRbased algorithms. Based
m these, the design principles, application characterigtics, and existing problems of the algorithms are systematically discussed. Be2

sides, some open problems in the development of NMF algorithms are presented and analyzed.
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