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Abstract:
presented based on the least square suppert vecter machine regression ( LSSVR) and the proof for inverse of an crder-reduced ma-
trix is given. Compared to the standard TSSVR , the proposed algonithm takes advantage of the previous training results when learning
from a new sample stherefore, it can obtain a new leamming machine efficiently. Numenical smulations demonstrate that ATLSSVR
can adaptively decide the number of suppott vectom and preserve the sparse poperty of suppoet vectors i (OF training methods . Un-

A nowel adaptive and iterative training algodthm of least square support vector machine regression { ATLSSVR ) is

der the similar regression accuracy, AILSSVE can speed up the leamming process remarkably .
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