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Abstract: Continuous relation extraction (CRE) plays a crucial role in understanding and adapting to the ever-chang-
ing data environment. Traditional CRE techniques often face two major challenges: the continuous evolution of relationship
patterns and the risk of forgetting previously learned relationships. Although storing and replaying typical examples of old
relationships has been proven effective in reducing forgetting, repeatedly replaying these fixed and limited samples can lead
to overfitting. To address this issue, this paper proposes a dynamic prototype-based continuous relation extraction method
that combines density clustering and generative large language models to tackle the aforementioned challenges, which is
named a dynamic prototype-based continuous relation extraction method (Continuous Relation Extraction with Density
based Clustering and Generative Large Language Model, CRE-DC GLLM) in this paper. Specifically, this paper employs
density clustering technology to extract memory samples to alleviate the problem of forgetting previous tasks, and designs
dynamic relationship prototypes based on full samples and memory samples. In addition, this paper uses a generative large
model to generate pseudo-samples for memory samples for replay training, to solve the problem of model overfitting caused
by multiple replays. At the same time, this paper also uses focused knowledge distillation technology to enhance the adapt-
ability to changing relationship patterns. A series of experiments conducted on the FewRel dataset and the TACRED dataset
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have verified the effectiveness of this method. The experimental results show that this method has achieved significant im-

provements in the accuracy and efficiency of continuous relation extraction, especially in handling similar relationships, pre-

venting knowledge forgetting, and overcoming overfitting, it has shown excellent performance.
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