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Abstract: A robust generalized labeled multi-Bernoulli (GLMB) filter is presented to perform multi-target tracking
(MTT) with unknown statistical characteristics of glint noise. The glint noise with unknown statistical characteristics is mod-
eled as a multivariate Student’s t distribution with unknown and time-varying mean. The proposed filter relaxes the restric-
tive assumption that the mean of glint noise is zero, and can effectively deal with the problem of MTT under the condition
that the mean of glint noise is unknown and time-varying. The variational Bayesian approximation is applied in the GLMB
filtering framework with the augmented state. The approximate solution of the marginal likelihood function can be obtained
by minimizing the Kullback-Leibler divergence. The simulation results demonstrate that the proposed filter can effectively
track multi-target when the statistics of glint noise is unknown.
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