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Abstract: Due to high labor cost and few abnormal cases of power box-table relations inspection, which difficulty to
obtain the law. The extreme unbalanced classification learning method was used to capture the generalization. Through the
principle of voltage, abnormal box-table relationship sample sets were identified. And by three-class weighting balance, the
CNN(convolutional neural network) abnormal box-table relationship recognition model was constructed. In addition, the
grouped parallel generalization learning of recognition model was realized by reinforcement learning. The experiment
proves that, through self-learning the distribution of newly identified abnormal sample data, which improve the generaliza-
tion to different environments. This reduces the workload of manual on-site verification and ensures the accuracy of the to-
pology network relationship in the low-voltage station area.
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