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Abstract: Image caption aims to extract the features of the image and input the description of the final output image
into the language generation model, which solves the intersection of natural language processing and computer vision in arti-
ficial intelligence-image understanding. Summarize and analyze representative thesis of image description orientation from
2015 to 2020, different core technologies as classification criteria, it can be roughly divided into: image caption based on
Encoder-Decoder framework, image caption based on attention mechanism, image caption based on reinforcement learning,
image caption based on Generative Adversarial Networks, and based on new fusion data set these five categories. Use three
models of NIC, Hard-Attention and Neural Talk to conduct experiments on the real data set MS-COCO data set, and com-
pare the average scores of BLEU1, BLEU2, BLEU3, and BLEU4 to show the effects of the three models. This article points
out the development trend of image caption in the future, and the challenges that image caption will face and the research di-
rections that can be digged in.
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