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Abstract: In mobile edge computing (MEC), task offloading can solve the problem of resource constraint on mobile
devices effectively, but it is not optimal to offload all tasks to edge servers. In this paper, a multi-user fine-grained task
offloading scheduling approach of mobile edge computation is proposed. The computation task is regarded as a directed acy-
clic graph (DAG), and task nodes’ execution location and scheduling order are optimized. Considering the delay of the sys-
tem, the computation offloading is considered as a constrained multi-objective optimization problem (CMOP), and an im-
proved NSGA -1l algorithm is proposed to solve the CMOP. The proposed algorithm can realize local and edge parallel pro-
cessing to reduce delay. The experimental results show that the algorithm can make the optimal decision in practical applica-
tions.
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