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Hybrid Particle Swarm Optimization Algorithm Based on
Intuitionistic Fuzzy Entropy
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(School of Information Science and Technology, Northwestern University, ,Xi’ an,Shaanxi 710127, China)

Abstract: In order to improve the global and local fine search capabilities of the particle swarm algorithm and ac-
celerate the convergence speed, hybrid particle swarm optimization algorithm based on intuitive fuzzy entropy is pro-
posed. The algorithm constructs an adaptive function of intuitive fuzzy entropy by using the information of the historical
optimal solution of particles, and uses the entropy value as a disturbance factor to dynamically adjust the inertia weight.
At the same time, it establishes an adaptive global optimal particle learning strategy to train the disturbed particles,
chooses learning objects based on maintaining the diversity of propagation, enables the particles to explore more new ar-
eas, and realizes the cooperation and parallel evolution among populations. Through simulation experiments, the algo-
rithm is compared with two derivation algorithms and other improved particle swarm optimization algorithms on 11 test
functions. The results show that the algorithm performs better in solving accuracy, convergence speed and optimization
efficiency.
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