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Abstract: Pedestrian trajectory prediction plays an important role in many applications such as automatic driving and
monitoring systems. At present, most pedestrian trajectory prediction models are recurrent neural network (RNN) based on
encoder-decoder architectures. RNN could not solve the long-term dependence, and its auto-regressive decoding scheme in-
troduces accumulate errors. This paper proposes a Transformer based non-autoregressive pedestrian trajectory prediction
model, whose non-autoregressive decoder can generate all predictions simultaneously to reduce accumulative errors. The
self-attention mechanism can enhance the long-term dependence problem. More specifically, this paper designs a local infor-
mation enhancement module to extract the local features when pedestrian’ s movement trend changes, and combining with
the location information and scale of the boundary encodes the impact of perspective projection in the first perspective,
which makes the trajectory features extracted from the model more efficient. Experimental results show that, compared with
the PIE (Pedestrian Intention Estimation) model, the average displacement error of 15, 30 and 45 frame and the end displace-
ment error are respectively reduced by 24%,14.5%,11% and 6% on a public data set PIE based on the first perspective.
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