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Abstract: Multiscale geometric analysis(MGA) provides a better representation for the high dimensional singular fea-
ture of images, which provides a better support for capturing the multidirectional edges and textures of the image. The im-
age hidden Markov tree(HMT) model can efficiently depict the statistical properties of the image multiscale transform coef-
ficients and the correlation among them, which helps to further utilizing the deep features of the image. The success of
MGA-HMT greatly improved the effectiveness of MGA in the field of image processing. This paper reviews the research
progress of MGA-HMT model. Firstly, the development of the traditional MGA-HMT model is analyzed and discussed, the
general process of its construction is defined. Based on this, some key issues of the traditional MGA-HMT model are sum-
marized. Guided by these issues, the research progress of the MGA-HMT has been further studied. Finally, the future devel-
opment of the MGA-HMT is prospected.
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