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Abstract:  With the development of perceptual computing and sensor integration technology, hand gesture motion da-
ta collected by various sensor devices provides a new data-driven way for human-computer interaction, and widely used in
smart home, telemedicine, virtual reality and other fields. Due to hand gestures have temporality and spatial connectivity, it
is necessary to consider spatial connection and long-distance dependence of hand gesture in gesture recognition. However,
existing hand gesture recognition models ignore the aforementioned two problems, resulting in low recognition accuracy.
Therefore, we propose a spatial-temporal graph neural network based hand gesture recognition model(STGNN-HGR). From
the perspective of spatial distribution of sensors, based on the spatial location information of sensors, the model represents
spatial correlation of hand gesture data with the help of graph neural networks(GNN), and introduces gated recurrent unit
(GRU) to solve temporality and long-distance dependence in dynamic hand gestures, so as to enhance the performance of
gesture recognition. The experimental results on a variety of datasets show that our model is feasible and effective.
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