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Abstract. In recent years,automated sandboxes have been widely deployed for malware analysis and detection. How-
ever, with the rapid increase column of malware and the enhancement of anti-analysis capabilities,how to effectively handle
these massive malware analysis tasks and improve the efficiency of sandbox system is an important research topic. Based on
the characteristics of different learning methods and malware dynamic and static features,this paper proposes a malware de-
tection method based on a hybrid learning model. We extract static fuzzy-hash features and dynamic behavior features of
malware , then unsupervised clustering learning is combined with supervised classification learning. Experiments show that u-
sing only 0. 02% of the analysis time improves the detection speed of the entire system by 25. 6% without affecting the de-
tection accuracy.
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2. T =Random_select(c,,m)

3. Flag = Random_Forest( T, )
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