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A Warning Propagation Algorithm for Solving Minimum Cut
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Abstract: The minimum cut problem ( MCP) is an NP ( Non-deterministic Polynomial ) -hard problem, warning
propagation (WP) is a kind of message passing algorithm based on factor graph, it solve the combinatorial optimization
problem. First, HMM ( Hidden Markov Model) converted undirected graph to factor graph. Then, we designed a kind of
warning propagation algorithm to solving the minimum cut. Finally, we selected skit randomly undirected graphs numerical
experiments. The experimental show that the algorithm precedes similar algorithms in speed.
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