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Abstract.; The internal community structure is evolving with the change of network structure. These changes in differ-
ent time slices can be defined as four different evolutionary events: survive, split, fusion and disappearance. In this paper, the
network representation learning method is used to map the graph embedding of the network into the low-dimensional vector
space to study the prediction of dynamic community evolution events. In the features,based on the features of community in-
ternal attributes,the change of temporal attributes,and the previous community evolution events, the potential structure char-
acteristics of the four evolutionary events are introduced and obtained by using random walk and Softmax. In the model, the
strategy of deep random forest is proposed. Feature fusion and feature training are carried out by using the attention mecha-
nism and Monte Carlo feature sampling strategy , which overcomes the shortcomings of the existing algorithms that only ac-
quire local structural features. Finally, by comparing SVM, XGBOOST, RIDGE model training in the DBLP, FACEBOOK
and Bitcoin datasets, it is confirmed that the embedding feature of community structure and the attention deep random forest
model improvement have greatly improved the accuracy of final prediction.
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10.  if(result[ O] = maxresult) { maxresult = result[ O ] maxtrain_fea =

train_fea|
/% AE) Y HTHO Y R BT R AR YRR IESE + /
11.  if(result[0] = = maxresult and result[ 0] = pre_result) {num_max

= nummax + 1 |
12.  if (num_max >5) { break| }

/TN R SR H AR A, TEFREE R = /
13.  return result[ 1]/ * iR IR EELS R + /

5.2 MEERMEST
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i b, BT Huffman X5 50 25 A5 , R 551 %5 B 15 5
e B B 20(6) T Prule(v,)) R R A 2 5
MOV BERIT 0Clog | V1) Horh [V [y i s ity Bt [
IE FHE AL 5 O (TVIog [ V), T ik Rk
$; attention IR JEE Bl L A% AR HB 20 (19 I 18] &2 2% N
O(TViog | V]) ,m Iy FFAELEE. SRR 2% T(n) =
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O(TVlog|V]) +0(m) +0(logm).
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