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Abstract: In this paper,we design and propose SemtoSql + ,a semantic deep network query model based on demand
aggregation. At the same time, it is a network to address the complex and cross-domain Text-to-SQL generation task. Based
on LSTM and Word2Vec embedding technology , the corpus is trained as the input word vector of the model. Combined with
the dependency graph method, the problem of SQL statement generation transforms into slot filling. SemtoSql + divides com-
plex tasks into four levels and constructs by the need of aggregation,using the attention mechanism to effectively avoid the
order problem in the traditional model and using a random masked mechanism to enhance the model.
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Complex Event

What is the average life expectancy in the
countries where English is not the official language? S SE

SELECT AVG(life_expectancy)
FROM country
WHERE name NOT IN
(SELECT T1l.name
FROM country AS T1 JOIN country_language AS T2
ON T1.code = T2.country_code
WHERE T2.language = "English" AND T2.is_official ="T")

Composite Events
$ OD/OA/ODL/OAL $ GH

For each stadium, how many concerts are there?

SELECT T2.name, COUNT(*)

FROM concert AS T1 JOIN stadium AS T2
ON T1.stadium_id = T2.stadium_id
GROUP BY T1.stadium_id
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Aggregate Event
$ SW/SG/SO

Which countries in Europe have at least 3 car manufacturers?

SELECT T1.country_name

FROM countries AS T1 JOIN continents

AS T2 ON T1.continent =T2.cont_id

JOIN car_makers AS T3 ON T1.country_id = T3.country
WHERE T2.continent='Europe'

GROUP BY T1.country_name HAVING COUNT(*) >=3

Atomic Event
SAGG SCOLUMN SOP SVALUE SAND/OR SI/U/E/N

What is the number of cars with more than 4 cylinders?

SELECT COUNT(*)
FROM cars_data
WHERE cylinders> 4
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