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Multisensor CPHD Filter with Gaussian Mixture Implementation
Based on Divide-Conquer and Greedy Algorithm

QU Chang-wen' ,FENG Qi’, LI Ting-jun'
(1. Department of Electronic and Information Engineering ,Naval Aeronautical and Astronautical University , Yantai ,Shandong 264001 , China
2. Department of Detachment Command , Officers College of PAP,Chengdu , Sichuan 610200, China )

Abstract: For the problem that the existing multisensor Probability Hypothesis Density (PHD) filters have limita-
tions such as sensor order dependence or high computational requirements,a multisensor cardinalized probability hypothesis
density (CPHD) filter with Gaussian mixture implementation based on Divide-conquer and Greedy algorithm is proposed in
this paper. Especially the divide-conquer algorithm make the computation complex fall to O (ns) from O(n') , compared
with the brute analysis algorithm , where s is the number of sensors and # is the number of observations of each sensor. In ad-
dition, the details of the implement of the multi-sensor CPHD filter are expressed in this paper. Finally, simulation results
show that the algorithm proposed is not affected by the processing order,the proposed divide-conquer and greedy two-stage
algorithm is equivalent to the tracking performance of the brute analysis, but the operation time greatly reduced, all of this
improve the feasibility of implementation and application of multi-sensor CPHD filter.
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