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Robust Visual Tracking Based on Sub-model Updating of
Multiple Apparent Features

FAN Shun-yi, GUAN Hua,HOU Zhi-qiang, YU Wang-sheng, DAI Bo

( The Information and Navigation Institute of Air Force Engineering University ,Xi’ an ,Shaanxi 710077 , China)

Abstract: In computer vision tracking,the traditional model updating has poor robustness in solving the problem of
occlusion, illumination change and self rotation. To improve these problems, this study proposes a new visual object tracking
method. The algorithm firstly builds a candidate update sub-model library. Secondly,it determines the position and informa-
tion of the current target by fusing the three complementary features of the tracking based on Particle Filter. Finally, the algo-
rithm divides the three characteristic histogram of the target and the candidate model library to calculate the similarity of the
reliability weights,then determines whether the candidate sub-model library and current sub-model can be updated. Results
show that the algorithm can effectively select to update the sub-model. Rather than the contrast algorithms, our method can a-
chieve a better tracking accuracy to deal with the situation of occlusion,illumination change and self rotation. The proposed
method updates the target model effectively and keeps the good robustness under various tracking scenarios.
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