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Abstract; Traditional fitting-based trajectory prediction algorithms cannot meet the requirements of high accuracy and
real-time prediction. A dynamic Kalman filter based TP approach was proposed, which performs state estimation of dynamic
behavior with regard to moving objects,updates the state variable estimation value based on the estimation of the previous
and current observation states,in order to infer the next location of moving objects. Extensive experiments are conducted on
real datasets of moving objects and the results demonstrate that the average prediction error (root mean square error between
the predicted location and the actual location) of the TP algorithm based on Kalman filter is around 12. 5 meters on the Ge-
oLife datasets. The prediction error is reduced by about 555.4 meters by compared to the fitting-based TP algorithms,and the
prediction accuracy is increased by 7. 1% on the T-Drive datasets as well. The dynamic TP approach based on Kalman filter
can handle the problem of low prediction accuracy with the guarantee of efficient time performance.
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