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Abstract] Data driven software defects prediction is considered as an effective means for the optimization of quality
assurance activities. This paper tries to survey the studies of data driven software defects prediction from to 2@ FirstD
it briefly introduces the research background in this field. Thenllt summarizes and analyzes the software modules attribute
metrics in detaillland thoroughly surveys the state-of-the-art methods of data driven software defects prediction. The dis-
cussed topics include within-releaseltross-release and cross-project defects prediction. Finally[the potential research direc-
tions in the field are discussed.
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