5510 L
2016 4 10 A

Ejid Vol.44 No. 10

ACTA ELECTRONICA SINICA Oct. 2016

BE AR GURE 4 o ik 19 B 2 0N R0

i%%l’z,ifﬁ'll’z,i %1,2
(1 H MK RNURR A SHOR B, S MK FR 1300125 2. 45 51 SRR TR HH W E R E (HAARKRS) , B A 130012)

O ASURELBNE, |, B T A S EER B AR AE S 5, DU P AL 2 e R D T2 H AR R K, U]
FOREEEF P AT A A R A SRR A 1 S0 22 R 4 P SR A A AR A T P SRS 7E B S i Rs
A FEGUE 1 4R HHE SR A RO , T3 5 SR — AR AR A AT AR i) 5 SR 7 i TN [ R R

KB AR ARERERR BRI ; IRIEE ShaSthamgs

HESEE: TP393.03 XEEARIRAG: A
HFF3# URL: hitp://www. ejournal. org. cn

XEHS: 03722112 (2016)10-2391-07
DOI: 10.3969/]. issn. 0372-2112.2016. 10.016

Link Prediction Model Based on Weighted Nonnegative Matrix Factorization

WANG Meng-meng'?,ZUO Wan-li'"*>, WANG Ying'~
(1. College of Compuer Science and Technology , Jilin University ,Changchun , Jilin 130012 , China;

2. Key Laboratory of Symbolic Computation and Knowledge Engineering ( Jilin University) ,Ministry of Education ,Changchun , Jilin 130012, China )

Abstract: Targeted at on-line microbloggings,on the basis of weighted and dynamic link prediction features, we uti-

lize nonnegative matrix factorization to predict existence and directivity of link from user-based and post-based dimension by

employing relationship-based factor to constrain objective function. Experiments on real-world dataset demonstrate the effec-

tiveness of the proposed framework. Further experiments are conducted to understand the importance of features’ weights

and temporal information in link prediction.
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