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Abstract: We proposed a new geech recognition method by the integration of the VQ ,HMM and an unsupervised gpeaker
adgptation agorithm it conply a VQ-didortion measure a each date ingead of a output probability used by a traditiond HMM ,and
uses an fuzy adeptive VQ dgorithm to dter the codenordsfor eaker adgptetion. In thispaper ,the new combined method is conpared
with CHVIM by the task of oeaker-independent Chinese gooken digit (isolated/ connected) recognition ,and the results corfirmed that
the good performance of the new method and superior to traditiond CHMM.
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