2002 7 ACTA ELECTRONICA SINICA

Vol.30 No.
July 2002

kst B KRB, it
(L , 710038; 2.

’ ? ’

TNOIL 7 : A

710049)

0372 2112 (2002) 07 1023 04

Robust Total Least Mean Square Adaptive Filter: Algorithm and Analysis
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Abstract:

The robust adaptive filering is researched when the input and output signal are both corrupted by noise in this pa

per.On the basis of minimizing total mean square error ( TMSE) and the seepest descent principle, by modifying the gradient of
TMSE, a robug total least mean square (RTIMS) adaptive filter algorithm is proposed. The performance analysis compared with other
algorthm demonstrates the proposed algorihm can efficiently reduce the senstivity of the weight adjusting tap to noise. The simulation

results have also shown that the wbust anit noise performance and the stable convergence precision of the proposed algorihm are re-

matkably higher than other congener algorthms. And i can still keep nice convergence when a laiger learning factor is used and the

nose is strong.
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