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High Performance Mandarin Digt String Speech Recognition

L1 Husheng L IU Jia LIU Runrsheng
( Department d Hectronic Enginesring, Tsinghua University , Bejing 100084, China)

Absdract: A high pefformance mandarin digt <ring goeaker-independent gpeech recognition sygemis gven. The acoudic nod-
d is based on the Md Frequency Cepstrum Godficient and the continuous hidden Markov modd (HMM) . The muiti- candi date frame
synchrorpus search dgorithm is adopted in the recognition sage with the MCE d gorithm as the training gpproach. Beriments denon-
drate that the correct recognition rate of the sysemis94.8 % (unknown length) and 96. 8 % (known length) . In order to enhance the
flexibility of the sysem ,thispaper a0 conduct research on the maximum a pogeriori (MAP) based gpeaker adaptation and corfidence
measure based reection. More than 40 % recognition errors can be removed dter adaptation and the recogrition rate can be inproved
to 96.9 % (unknown length) and 98.7 % (known length) when 5 % of the correct results are rejected.
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