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Abstract:

find potential locations for the object, and then conducts a detailed search. The former can be referred to as scanning based

When searching for a object, the human eye first roughly scans based on previous scanning experience to

on temporal contextual information, while the latter can be referred to as searching based on location contextual informa-
tion. Inspired by this, this paper proposes a rapid search method for small objects based on reinforcement learning that inte-
grates spatio-temporal context information. The method builds a temporal context module based on a reinforcement learn-
ing search strategy to simulate the human eye’ s ability to obtain and utilize empirical information, then constructs an adap-
tive multi-scale window to extract location context information to simulate the human eye’ s ability to search carefully at
possible locations. The two kinds of information cooperate alternately in the object search process to complete the object
search. The experimental results show that the proposed algorithm brings around 2.9% gain on MS COCO benchmark, and
can find an object within five search counts.
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