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Leveraging Tag Mean Partition Distance and Social
Structure for Overlapping Microblog User Community Detection
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Abstract: In this paper,a microblog user community detection algorithm via tag mean partition distance and social
structure is proposed. Firstly, through the concept of information theory and distance,a community pre-partition algorithm
based on the mean partition distance of core tags is established. Furthermore, a structure attribute vector is defined accord-
ing to the users following and follower relationships, based on which the user structure dissimilarity is calculated. Then, the
comprehensive division dissimilarity is derived by adjusting the weight of mean distance of core tag and user structure dis-
similarity. Finally , the subgroup corresponding to the tag with the lowest comprehensive division dissimilarity degree is
considered as a new community for one iteration. Experiments show that the proposed method is effective and has practical
significance.
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