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Abstract:  Visibility graph is one of the important methods for converting time series into complex networks, build-
ing a bridge between nonlinear signal analysis and complex networks with a new perspective, which is widely used in eco-
nomic, biomedical, physics and other fields. Visibility graph inherits the dynamics of the original time series, is stable and
easy to implement, and can distinguish specific behaviors under specific time series data by the relevant statistical properties
of visibility graph. In this paper, we first introduce the application of the visibility graph in the analysis of time series com-
plex networks. The advantages of the visibility graph are fully explained through the necessity and feasibility analysis.
Then we describe the steps and main properties of basic visibility graph and horizontal visibility graph, and then review the
current research on visibility graph from the following aspects: process improvement of algorithms, efficiency improvement
of algorithms and visibility graph applications. We introduce the process of numerous visibility graph methods. We also
summarize the main characteristics of these methods, analyze the recognition capability, anti-noise capability and network
construction efficiency of visibility graph algorithms. In addition, we implement some algorithms and expose the codes for
the general scholars to learn and use. Through the review and analysis of visibility graph related research, we can under-
stand the main research directions of visibility graph at this stage, provide thinking for future related research, and establish
the foundation for time series complex network analysis.
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