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Abstract:  Jointly extracting elements like entities and their relationships, as well as events and their arguments, is a
crucial natural language processing task. Current methods, primarily based on unified coding or parameter sharing, fail to
explicitly model inter-task relationships. This limitation restricts the use of inter-task correlations and hinders effective col-
laboration. To address this, we propose a task-collaboration representation enhanced model for joint extraction of elements
and relationships (TCRE). TCRE strategically captures and leverages specific inter-task relationship representations across
multiple stages, facilitating precise tuning and optimization of subtasks, thereby enhancing overall model performance. In
evaluations on three relation extraction and one event extraction datasets, TCRE demonstrated performance improvements
of 0.57% in entity recognition, 0.77% in relation extraction, 0.7% in trigger word recognition, and 1.4% in argument role
classification. Additionally, TCRE effectively mitigates the “seesaw phenomenon”.
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Task Instance
/ Relation: Work for \
Relation In 1997, Steve was excited to become the CEO of Apple:.
Entity: PER Entity: ORG

Argument Role: Agent Argument Role: Victim

o ~_ e

Event The United States has announced sanctions against China.

Argument Trigger Argument
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