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End-to-End Scene Text Spotting Under Dual Domain Awareness
Based on Multi-Party Synergetic Explicit Information

CHEN Ping-ping, LIN Hu', CHEN Hong-hui, XIE Zhao-peng
(College of Physics and Information Engineering, Fuzhou University, Fuzhou, Fujian 350108, China)

Abstract: In the end-to-end text recognition of complex natural scenes, because text and background are difficult to
distinguish, the location information detected by text and the semantic information recognized do not match, and the correla-
tion between detection and recognition cannot be effectively utilized. In response to this problem, this paper proposes a
multi-party synergetic information with dual-domain awareness text spotting (MSIDA). By enhancing text region features
and edge textures, the synergies between text detection and recognition features are utilized to improve end-to-end text rec-
ognition performance. Firstly, a dual-domain awareness (DDA) module integrating text space and direction information is
designed to enhance the visual feature information of text instances. Secondly, a multi-party explicit information synergy
(MEIS) is proposed to extract explicit information from coding features and generate candidate text instances by matching
and allocating the position, classification and character multi-party information used for detection and recognition. Finally,
cooperative features guide learnable query sequences through decoders to obtain text detection and recognition results. Com-
pared to the latest decoder with explicit points solo (DeepSolo) method, on the Total-Text, ICDAR 2015 and CTW 1500 da-
tasets, the accuracy of MSIDA improved respectively by 0.8%, 0.8% and 0.4%. The code and datasets are available at https:
//github.com/msida2024/MSIDA .git.
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I HPERE FARIHEA L.
*4 ERFETRFAEERBSHEMITLE

Y Backbone Parameters/M
Mask TextSpotter""! ResNet-50-FPN 455
SpTS™! ResNet-50 36.5
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